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Abstract 

The purpose of this study was to determine the factors that influence Bhutanese secondary students' behavioural intention and 

their despondency to accept google classroom platform as a learning management system. The study utilized structural 

equation modelling (SEM) to examine the direct effects using students self- reported answers. The endogenous variable was 

Behavior intention (BI) while the exogenous variables were perceived usefulness (PU); perceived ease of use (PEOU); 

facilitating conditions (FC), and tutor quality (TQ). The data for this study was collected from 340 secondary students from 

four schools under Thimphu district. The SEM analysis suggested that there was no evidence for a direct link between FC and 

TQ toward BI. However, a significant positive effect was found from FC>PEOU; TQ>PEOU; PEOU>PU; and finally, from 

PU>BI. The model proposed and tested in this study reveals that neither the FC nor TQ were strong determinants of secondary 

students’ behaviour intention to use GC.  

Keywords— Behaviour intention; facilitating conditions, Google classroom; perceived usefulness, perceived ease of use; 

secondary students, and tutor quality. 

I. INTRODUCTION 

The application of information and communication 

technology (ICT) is turning into an increasingly vital part of 

the functioning of educational establishments. A 

considerable number of educational institutions, including 

schools, have shifted their focus toward blended learning 

over the course of the previous few years. According to 

Kattoua et al. (2016), the introduction of e-learning 

technology will significantly alter at least a portion of 

traditional classroom methods for material delivery. This is 

common in developing nations where the COVID-19-

required quarantine has forced schools to close. 

Bhutanese schools implemented a blended 

learning technique that has now become a complementary 

method for providing high-quality education (OECD, 

2020). Teachers and students are urged to use ICT into the 

teaching and learning process in Bhutan, where the 

digitization of education is brand-new (Ministry of 

Education [MoE], 2020). Learning management systems 

(LMS) are self-contained websites with built-in teaching 

tools that allow teachers to organize academic content and 

get students involved in their learning (Gautreau, 2011, p.2). 

They are a powerful technology that hasn't reached its full 

potential yet. They are also very important for education in 

the information age (Watson & Watson, 2007). Aldiab et al. 

(2019) said that the LMS plays a big part in making teaching 

and learning better and easier (Turnbull et al., 2020). 

Google Classroom (GC) is a free blended learning 

LMS that is widely used for teaching and learning all over 

the world, both in schools and colleges and universities 

(Alotumi, 2022). There are many benefits to using GC, such 

as cutting down on classroom time (Kaizer et al., 2020), 

making it easier for teachers and students to talk to each 

other and work together (Kado et al., 2020), and getting 

more students involved in online classrooms (Alotumi, 

2022). 

GC use in Bhutan was initially observed during the 

COVID-19 pandemic (Dorji, 2021). Since then, secondary 

schools in Bhutan have relied on the usage of GC to support 

continuous learning, but without sufficient training 

(Dhendup & Kezang, 2023; Dorji, 2021). It is still unclear 

to this day how secondary students utilize the GC platform, 

despite its recent adoption in schools. In addition, the 

application of GC in Bhutanese secondary schools remains 

under investigated, despite the existence of a few 

descriptive studies (see Dorji, 2021; Kado et al., 2020; 

Wangmo et al., 2020). Hence, our study extends the 

Technology acceptance model (TAM) proposed by Davis 
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(1989) by adding two new exogenous variables; tutor 

quality (TQ) and facilitating conditions (FC) to predict the 

acceptance and the use GC, thus contributing to scholarship, 

to an already widely used TAM considering a developing 

country's perspective.  

Previous research indicates that the BI of end-users 

is a critical factor in determining the effectiveness and 

success of an implementation (Chou et al., 2019; 

Wicaksono et al., 2020). The notion is that users' BI 

represents their actual behavior while interacting with 

technology, whether for classroom or non-classroom 

applications (Ajzen, 1991; Wati & Koo, 2012). This is why 

a number of well-established theories and models derived 

from previous research have explored the behavioral 

intentions of technology users. Several generally accepted 

theories in education include the Technological Acceptance 

Model (TAM) by Davis (1989), the Unified Theory of 

Acceptance and Use of Technology (UTAUT) by 

Venkatesh et al. (2003), and the Theory of Planned 

Behavior (TPB) (Ajzen, 1991). TAM was utilized in a 

number of different contexts (Venkatesh & Bala, 2008), 

largely to explain users' behavior and acceptance to use 

technology (Tarhini et al., 2015) GC in this instance. The 

existing literature indicates that TAM is commonly 

employed in education and technology. TAM is relatively 

unexplored with user intention to use (students) despite its 

significance and appeal in domains of technology-based 

teaching and learning, particularly in underdeveloped 

nations such as Bhutan, where technology for teaching and 

learning is seldom implemented (Choeda et al., 2016; 

Gautam et al., 2021). In order to better understand the 

multifaceted elements that drive technology adoption in 

different contexts, Legris et al. (2003) suggested that 

academics examine adding additional variables to the first 

two variables in TAM's model. The purpose of our study is 

to analyze the aspects that influence students' behavioral 

intention to utilize technology using facilitating conditions 

(FC) and tutor quality (TQ) as independent variables. 

By addressing these gaps, our work contributes to 

the growing body of research on the intention to use 

technology. It contributes to theoretical development by 

adding facilitating conditions and tutor quality to the 

existing TAM framework. As a result, this study provides 

significant contributions by attempting to solve several 

gaps. To begin, our study contributes to the scant research 

on the intention to use technology GC as the LMS platform 

by the secondary students.  Our study is one of the first to 

examine FC and TQ as predictors of end-user desire to use 

technology in a developing cultural setting.  

 

II. TECHNOLOGICAL ACCEPTANCE 

MODEL 

The TAM model consists of three variables: one exogenous 

variable is perceived usefulness (PU), and the other being 

perceived ease of use (PEOU), and one endogenous 

variable, behavioral intention to use technology, google 

classroom in this case. PU stands for perceived usefulness, 

and PEOU stands for perceived ease of use (PEOU). PU is 

defined by Davis (1989) as "the degree to which a person 

believes that utilizing a certain system would boost his or 

her job performance" (p.320), and PEOU is defined as "the 

degree to which an individual believes that utilizing a given 

system would be effort-free" (p.320). It is widely believed 

that these two characteristics are powerful determinants of 

users' intentions and acceptance to utilize technology in 

educational settings. However, not a lot of research has been 

done on the connection between FC and BI, and much less 

on the connection between TQ and BI, particularly in the 

context of Asia and Bhutan. 

 

III. RESEARCH MODEL AND HYPOTHESES 

 
Fig.1. Proposed research model 
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Facilitating Conditions (FC) 

Venkatesh et al. (2003) defines FC as “an individual's belief 

that an organizational and technical infrastructure exists to 

support the system's use" (p 453). The results of a past study 

by Sukendro et al. (2020) found FC to be a significant 

predictor of BI and PU. However, Rahmi and Birgören 

(2020) emphasized the critical nature of FC in e-success and 

adoption. Based on the few past studies, the following is 

hypothesized: 

H1. FC is positively related to Behaviour Intention 

to use GC. 

H2. FC is positively related to PEOU.                

Tutor Quality (TQ) 

The quality of the instructor is crucial to the success of any 

learning program, regardless of the learning setting. Due to 

the shift in roles, tutors in the context of the e-learning 

environment now have increased duties (Mtebe & Raphael, 

2018). The function of the instructor in an e-learning 

environment moves from knowledge transmission to 

facilitator and guide (Teo, 2011). Previous research 

indicates a correlation between tutor quality and pre-service 

teachers' satisfaction (Ouajdouni et al., 2021; Teo, 2010). 

Similar to this, Ouajdouni et al. (2021) found that 

differences in PU can also be explained by instructor 

quality, this in our case is tutor quality. As a consequence of 

this, it is predicted that the quality of the tutors would 

contribute to the students' enjoyment of their e-learning 

experiences. There have been other hypotheses proposed, 

including the following: 

H3. TQ is positively related to Behaviour Intention to 

use GC 

H4. TQ is positively related to PEOU 

Perceived usefulness and perceived ease of use 

According to the findings of a number of research, PEOU 

and PU are effective indicators of users’ propensity to adopt 

new technologies (Al-Emran et al., 2020; Davis, 1989). As 

a direct consequence of this, previous researchers have 

made an effort to study the connection between PEOU and 

PU. The vast majority of them identified a favorable 

connection between the two (Verma & Sinha, 2018; 

Vululleh, 2018). Hence, our study proposes two hypotheses 

related to PEOU and PU and then from PU to BI: 

H5. PEOU is positively related to PU  

H6. PU is positively related to BI 

IV. METHODOLOGY 

Research design 

This cross-sectional quantitative study evaluates students' 

intentions to use technology with facilitating conditions 

(FC) and tutor quality (TQ) to understand the multi-

dimensional factors of original TAM model in adopting GC 

by Bhutanese secondary students. To this end, a 

convenience sample technique was utilized to collect the 

data.  

Participants and context of the study 

The data was collected via a web-based survey from 340 

secondary students from five secondary students under 

Thimphu district in Bhutan, as structural equation 

modelling need more than 200 responses (Boomsma, 1987), 

unlike smart-PLS SEM where small sample sizes and 

complex models effectively (Hair et al., 2019). Of the 

respondents, 47% (159) were males while others 53% (181) 

were female respondents. The age range of the respondents 

ranged from 14-19 years. Typically, in Bhutanese education 

system, secondary levels are grades 9-12. The ethical 

approval for this study was granted by the district education 

office.  

Survey instrument 

The survey questionnaire was adapted from several pre-

existing instruments relevant for our study (for details see 

appendix 1). The items for the factor perceived usefulness, 

perceived ease of use, and behavioral intention were taken 

from the seminal study on TAM (Davis, 1989) and 

previously published studies on technology acceptance; 

Facilitating conditions from (Thompson et al. 1991); Tutor 

Quality (TQ) from E-learning Acceptance Measure (ElAM) 

by Teo (2010). The anchors for all the items range from 

strongly disagree (1) to 5 (strongly agree)  

Data Analyses 

The final data screening to check for respondent misconduct 

was carried out using excel (Standard deviation <.25) in the 

response variance were deleted. Therefore, 7 responses had 

to be deleted. Secondly data screening for impermissible 

respondent values were carefully checked using the SPSS 

software using the maximum and minimum value. Further 

there were cases of missing data and to check for 

multivariate outliers, cooks distance measure (see figure 2 

for details) and hence data imputation using a linear 

interpolation technique was applied.  
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Fig.2. Multivariate outliers using Cooks distance 

 

Then after the data screening process were 

completed, numerous stages in data analysis process were 

considered. Third, to assess Common Method Bias (CMB) 

we applied correlation matrix method, followed by 

confirmatory factor analysis (CFA), which is frequently 

required prior to doing structural equation modelling (SEM) 

(Collier, 2020). Finally, a path model analysis was applied 

using the maximum likelihood estimation (MLE) to assess 

and test the hypothesized models. 

 

 

Common Method Bias  

Two CMB statistical tests were run using SPSS to determine 

the probability of common method bias (CMB) between the 

independent and dependent variables. To begin, Harman's 

one-factor test was employed, in which all items from all 

constructions were combined into a single factor via 

unrotated exploratory factor analysis (EFA). This resulted 

in a total Eigenvalue of 7.836 (see Table 1), and a variance 

extraction of 35.62 percent, less than the 50% advised by 

Podsakoff et al. (2012) or even less than the conservative 

thresh-hold of 40% variance advocated by Hair et al. (2019).  

Table 1 Total Variance Explained using Harman's one-factor test using unrotated EFA 

Component 

Initial Eigenvalues 

Extraction Sums of Squared 

Loadings 

Rotation Sums of Squared 

Loadings 

Total 

% of 

Variance 

Cumulative 

% Total 

% of 

Variance 

Cumulative 

% Total 

% of 

Variance 

Cumulative 

% 

1 7.832 31.330 31.330 7.832 31.330 31.330 4.215 16.860 16.860 

2 2.583 10.333 41.663 2.583 10.333 41.663 3.485 13.940 30.800 
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3 1.311 5.245 46.907 1.311 5.245 46.907 2.338 9.353 40.153 

4 1.200 4.801 51.708 1.200 4.801 51.708 2.167 8.669 48.822 

5 1.184 4.736 56.444 1.184 4.736 56.444 1.905 7.622 56.444 

6 .963 3.851 60.295       

7 .907 3.626 63.921       

8 .805 3.219 67.140       

9 .756 3.025 70.165       

10 .718 2.871 73.036       

11 .674 2.697 75.733       

12 .656 2.625 78.357       

13 .605 2.418 80.776       

14 .570 2.280 83.056       

15 .544 2.176 85.231       

16 .530 2.119 87.350       

17 .481 1.924 89.274       

18 .458 1.834 91.108       

19 .425 1.699 92.806       

20 .407 1.627 94.433       

21 .365 1.462 95.895       

22 .324 1.297 97.193       

23 .289 1.156 98.349       

24 .245 .982 99.331       

25 .167 .669 100.000       

Extraction Method: Principal Component Analysis 

 

V. RESULTS 

Descriptive statistics 

a descriptive statistic such as mean and standard deviation 

was utilized. Next, the assumption of normality of the data 

was tested using skewness and kurtosis coefficients. The 

descriptive analysis of skewness and kurtosis coefficients 

revealed that the value of the data set is normally distributed 

with skewness values ranging from -.001 to 0.73 and 

kurtosis values ranging from -0.07 to -94. The skewness and 

kurtosis value of all the items was within the recommended 

value of ±3 (Kim, 2015). 

Table 2 Descriptive statistics 
 

N Mean SD Skew CR Kurto

sis 

CR 

 

PU1: Using the google classroom system will enhance my 

efficiency. 

340 3.01 1.06 -0.61 -4.59 -0.33 -1.26 
 

PU2: Using the google classroom system will enhance my 

productivity. 

340 3.04 1.01 -0.12 -0.87 -0.96 -3.60 
 

PU3: Using the google classroom system will enable me to 

accomplish tasks more quickly. 

340 3.29 1.20 -0.21 -1.56 -0.94 -3.54 
 

PU4: Using the google classroom system will improve my 

work. 

340 3.17 1.22 -0.01 -0.10 -0.26 -0.99 
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PU5: Using the google classroom system will save my time. 340 3.66 1.14 -0.01 -0.11 -0.36 -1.36 
 

PEOU1: google classroom system is easy to use. 340 3.79 1.17 -0.39 -2.91 -0.58 -2.20 
 

PEOU2: Interaction with google classroom system is clear and 

understandable. 

340 2.87 1.28 -0.35 -2.64 -0.20 -0.77 
 

PEOU3: Google classroom system is convenient and user-

friendly 

340 3.47 1.01 0.14 1.06 -0.96 -3.63 
 

PEOU4: Google classroom system is easy to access. 340 3.49 1.11 -0.73 -5.50 -0.31 -1.17 
 

BI 1: I will use google classroom system in the future. 340 3.20 1.21 -0.26 -1.93 -0.74 -2.79 
 

BI 2: I will continue to use google classroom system in the 

future 

340 3.21 1.16 -0.18 -1.36 -0.65 -2.46 
 

BI 3: I expect that I would use google classroom system in the 

future. 

340 3.24 1.17 -0.16 -1.22 -0.77 -2.89 
 

FC1: When I need help to use the computer, guidance is 

available to me 

340 3.22 1.25 0.05 0.39 -0.57 -2.13 
 

FC2: When I need help to use the computer, specialized 

instruction 

340 3.10 1.08 -0.13 -1.01 -0.48 -1.83 
 

FC3: When I need help to use the computer, a specific person 

is available to provide assistance 

340 3.00 1.09 -0.15 -1.16 -0.94 -3.54 
 

TQ1: My tutor could explain the concepts clearly 340 3.38 0.99 -0.27 -2.01 -0.40 -1.50 
 

TQ2: My tutor was knowledgeable in ICT 340 3.56 1.05 -0.07 -0.54 -0.40 -1.50 
 

TQ3: I was satisfied with the answers given by my tutor 340 3.49 1.01 -0.43 -3.27 0.13 0.47 
 

TQ4: My tutor was focused on helping me to learn 340 3.60 1.03 -0.48 -3.61 -0.28 -1.04 
 

TQ5: The tutorial activities were well-managed 340 3.39 0.93 -0.39 -2.94 -0.14 -0.54 
 

TQ6: My tutor was accessible when I needed to consult them 340 3.31 0.96 -0.55 -4.17 -0.17 -0.63 
 

TQ7: My tutor was patient when they interacted with me 340 3.51 1.00 -0.36 -2.74 -0.07 -0.25 
 

Total 340 
       

Note. CR= Critical ratio (t-value) 

 

Measurement model assessment  

A Confirmatory Factor Analysis was performed for the 22 

items (see figure 4) used in this study using the Maximum 

likelihood estimation (MLE). MLE is the most common 

technique used in parameter estimation (Hair et al., 2019). 

Following Hair et al. (2019) recommendation, the 

respective indicator variable loadings were first tested. A 

good rule of thumb is that the standardized loading 

estimates should be at least 0.50 or higher, ideally 0.70 (see 

figure 3). In AMOS, modification indices to improve the 

model are suggested; we have considered the suggestion 

and correlated (e24 ↔ e25; e6↔e9) to obtain a better model 

fit in this study (see figure 4 for corrected measurement 

model). The model returned these values (χ2= 400.22; 

χ2/df=2.02; p=0.001), TLI=0. 928, CFI = 0.93, RMSEA = 

0.056 |0.048 - 0.064|, SRMR = 0.052) shown in Table 3. The 

data in the form of this present study achieved the preferable 

relative chi-square test of <3 (Hair et al., 2019; Kline, 2016). 

The Tucker-Lewis index or TLI |0.92| has values close to 

0> 0.95] (Hu & Bentler, 1999). Therefore, we can proceed 

to assess convergent validity, discriminant validity, and 

reliability to evaluate if the psychometric properties of the 

measurement model are deemed adequate.  
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Table 3 The measurement model fit summary 

Fit Index Recommended value      References 

χ2 NS at p < 0.05 400.22(p=.001)  

χ 2 /df <5 2.02  

CFI >0.90 0.93 Hu & Bentler,  1999 

SRMR <0.10 0.052 Hair et al. 2010 

RMSEA <0.08 0.056 [.048-.064] Hair et al. 2010 

TLI >0.90 0.92 Hu & Bentler, 1999 

Note. NS= Not significant; df = Degrees of freedom, CFI = Comparative fit index, RMSR= Root mean square residuals, 

RMSEA = Root Mean Square Error of Approximation, TLI = Tucker-Lewis Index 

 

 

Fig.3. The uncorrected Measurement Model 
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Fig.4. The corrected Measurement Model 

 

Construct reliability and convergent validity  

The internal consistency reliability, was tested using 

Cronbach's alpha (α) and Composite Reliability (CR). The 

cut-off value is ≥ 0.70 for both tests (Collier, 2020; Kline, 

2016 (see Table 4 for details). Composite reliability for all 

the factors was > 0.7. Similarly, according to Fornell and 

Larcker (1981), in order for convergent validity to be 

established, the average variance extracted (AVE) was ≥ 

0.50. The convergent validity for this paper is achieved as 

all the CR>AVE for all the constructs.  

Table 4 Internal consistency reliability and convergent validity results 

Constructs 

 

 

Cronbach's alpha 

α   ≥ 0.70 

Composite Reliability 

CR ≥ 0.70 

 

AVE ≥ 0.50 

 

FC 0.73 0.72 0.55 

PU 0.81 0.74 0.51 

PEOU 0.79 0.73 0.52 

TQ 0.78 0.86 0.54 

BI 0.82 0.88 0.75 

 

Further, the data presented in Table 5 clearly 

showed that our data had no discriminant validity concerns. 

Discriminant validity is an assessment of how each 

construct within the model varied from other variables (Hair 

et al., 2019). The HTMT is a criterion proposed by Henseler 

et al. (2015) and is applied to assess the discriminant 

validity. All HTMT values are within the accepted threshold 

values ≤ 0.90, as shown in Table 5. 
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Table 5 Discriminant Validity HTMT Analysis 

  TQ FC BI PU PEOU 

TQ  
    

FC 0.61 
    

BI 0.41 0.37 
   

PU 0.36 0.42 0.72 
  

PEOU 0.58 0.55 0.72 0.83 
 

 

Path analysis  

A path analyses was used to examine five proposed 

constructs for both direct relationships (see Figure 4). 

Before estimating the model’s path, the multicollinearity 

assumptions, a Kock (2015), variance inflation factor (VIF) 

and tolerance were calculated using the SPSS software 

package were assessed for FC, TQ, PEOU, PU and BI. A 

VIF and tolerance are both measure of checking 

multicollinearity Hair et al. (2019). According to Hair et al. 

recommendation, VIF values accepted threshold is < 5 (Hair 

et al., 2019). The collinearity statistics of where BI was 

taken as the dependent variable (see Table 6 for details). 

Further, a composite score for each item within the 

construct was also computed to generate VIF. The VIF is 

presented in Table 6; the first value, while the tolerance 

value is presented as the second value alongside their 

construct but within the brackets. For FC (1.38; 0.72); TQ 

(1.42; 0.70); PU (1.75; 0.57) and PEOU (1.91; 052). The 

Further, the Tolerance value for the four constructs was 

significant > 0.2. Therefore, the generated VIF and 

Tolerance values confirm that this study has no 

multicollinearity issues.  

Table 6 Collinearity statistics 

   Model 

Collinearity Statistics 

Tolerance VIF 

1 (Constant)   

FC .72 1.38 

PU_ .57 1.75 

PEOU .52 1.91 

TQ .70 1.42 

Dependent Variable: BI 

BI=behaviour intention, FC=facilitating conditions, PU= perceived usefulness, PEOU= perceived ease of usefulness, TQ= 

tutor quality. 

 

Hence, the overall model fitness was evaluated, the model returned (χ2= 281.738; χ2/df=1.76; p=0.001), TLI=0.949, 

CFI = 0.948, RMSEA = 0.048 |0.039 - 0.058|; SRMR = 0.051). The results of this have met the preferred relative chi-square 

test <3 (Hair et al., 2019; Kline, 2016) which is a “badness of fit" measure. The Tucker-Lewis index or TLI (0.949) has a value 

greater [.90]. 
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Figure 5. Path analysis of the research model. 

 

Hypothesis Testing 

We examined six direct relationships; the results of hypotheses testing are presented in Table 7. Out of six proposed hypotheses, 

H1 and H3 were rejected, while H2, H4, H5, and H6 were accepted. The detailed estimates (β), critical ratios, p-value, and CI 

is presented in (for details see Table 7).  

Table 7 Direct effects with a 95% Confidence Interval 

Relationships β t-values p-value Decision 

1 FC>BI .095 1.87 .061 Not supported 

2 FC>PEOU .279 5.13 .000 Supported 

3 TQ>BI .093 1.81 .069 Not supported 

4 TQ> PEOU .306 5.64 .007 Supported 

5 PEOU>PU .645 15.19 .000 Supported 

6 PU>BI .529 11.29 .000 Supported 

Note. Critical ratios are significant at [*p<.05; **p<.001; p < 0.001]; CR (t- values) exceeding 1.96 

BI=behaviour intention, FC=facilitating conditions, PU= perceived usefulness, PEOU= perceived ease of usefulness, TQ= 

tutor quality. 

 

VI. DISCUSSION 

This study's primary purpose was to investigate the 

extended TAM framework (eTAM) for assessing students' 

behavioral intention to utilize GC. The combined 

components in the suggested model accounted for 36% of 

the variance in students' behavioral intention to use GC. In 

this model, six direct effects were hypothesized, as shown 

in Table 7.  

The evaluations of the path model revealed that FC 

had no significant direct link with BI; consequently, H1 

obtained no empirical support. The result somewhat 

validates Mohammad-Salehi et al. (2021), but contradicts 

Fahadi and Khan (2022) study. Mohammad-Salehi et al. 

(2021) and Joo et al. (2018) both concluded that FC has no 

effect on students' BI, citing a little impact of FC on BI. 

Consequently, the results of the present study indicate that 

FC have no direct positive effect on BI. Further this is an 

indication that FC had no effect on Bhutanese secondary 

pupils' intention to utilize GC. Despite the fact that this 

result is fairly surprising, it is may be possible that FC is not 

necessarily tied to the student’s acceptance or the rejection 

of GC. This seemingly is conflicting conclusion that may be 

due to the fact that Bhutanese students do not utilize any 

web-based learning management systems in the past. As 

pointed by Dorji (2021), GC as a web-based learning 

platform was only used by both teachers and students during 

the quarantine and school closures.  Issues similar to this 

were communicated in contexts of higher education 

(Choeda et al., 2016) even though higher education 

institutions in Bhutan used virtual learning environments a 

decade ago. 

The lack of influence of TQ on BI, which led to the 

rejection of hypothesis 3 (H3), was a unique finding of this 
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study. Although this conclusion is consistent with the 

findings of earlier research, Guo et al. (2020), who reported 

that TQ had a favorable but non-significant influence on BI. 

Moreover, the findings of our investigation indicated that 

TQ accounted for about 9 % (non-significant) variance in 

BI. The probable non-significance result in this instance; 

could be attributable to the lack of proper professional 

development opportunities for teachers and students alike 

(Kado et al., 2020; Wangmo et al., 2020). As stated above, 

the Bhutanese institutions and education system still lack 

the proper infrastructure to successfully implement 

technology for teaching and learning (Dorji, 2021). Besides, 

the finding indicates that students’ BI is likely to depend on 

individual passion and goals to learn new things, technology 

in this case, rather than on accessibility to the experts and 

support from the institutions they are working for. Several 

research in the past (Koehler & Mishra, 2009; Yang et al., 

2019) indicated that a lack of assistance may have an effect 

on students' intent to utilize technology. 

On the other hand, a statistically significant 

association has been established between FC and PEOU 

(H2), FC and PEOU (H4), PEOU and PU (H5), and PU and 

BI (H6) (H6). In this regard, our finding is consistent with 

the findings of (Yang et al., 2021), which demonstrated a 

statistically significant positive connection between FC and 

PEOU.On the other hand, a statistically significant 

association has been established between FC and PEOU 

(H2), FC and PEOU (H4), PEOU and PU (H5), and PU and 

BI (H6) (H6). In this regard, our finding is consistent with 

the findings of (Yang et al., 2021), which demonstrated a 

statistically significant positive connection between FC and 

PEOU. Students are more inclined to utilize technology 

(GC) when they consider it to be user-friendly and 

beneficial for instruction and learning (Teo, 2011). 

Likewise, for the rest of the hypotheses, FC on PEOU (H4), 

PEOU on PU (H5), and PU on BI (H6), there was a 

significant positive influence, thus accepting these 

hypotheses.  The importance of FC as a strong predictor of 

users' behaviour to use technology was further echoed by 

recent educational research (e.g., Peñarroja et al., 2019), 

however in our case no support could be provided both for 

FC and TQ as the determinants of student’s acceptance of 

GC in the Bhutanese context.  

In addition, a lot of studies indicate that PEOU and 

PU are reliable indicators of users' propensity to use 

technology (Laosethakul & Leingpibul, 2021; Yuen et al., 

2021). Prior research has hypothesized that FC has a 

favorable effect on PEOU (Al Shamsi et al., 2022; Ji et al., 

2019). In this regard, the present findings were consistent 

with the results of previous research.  

 

VII. CONCLUSION AND IMPLICATIONS 

This study's primary purpose was to extend and then assess 

the application of TAM with two new constructs. To 

achieve this objective, we first examined six direct 

relationships: FC to BI, FC to PEOU, TQ to PEOU, PEOU 

to PU, and PU to BI. The results indicated that the direct 

association between FC and BI and TQ and BI could not be 

supported, however empirical evidence was found for the 

relationships between TQ and PEOU, FC and PEOU, PEOU 

and PU, and PU and BI. Taken together, the proposed model 

was found capable of predicting students’ behavioral 

intention (BI) to use GC explaining around 36 % of the 

variance in students’ acceptance of GC. On the basis of 

these results, we conclude that FC and TQ are not favorable 

predictors of Bhutanese students' propensity to employ GC 

in emerging cultural situations. 

Overall, this study broadens TAM in terms of 

Bhutanese secondary students' acceptability and intention to 

adopt GC, as well as its associated outcomes (PEOU, PU) 

toward BI. The current study focuses on likely theoretical 

contributions in the use of technology, specifically the usage 

of Google Classroom in developing country context that is 

Bhutan. According to the evidence-based literature, not 

much has been written about the role of FC and TQ, 

particularly on secondary students' behavioral intention to 

use GC. Responding to this gap, this study investigated the 

latent roles of FC and TQ on students’ willingness to accept 

GC. In doing so, the current findings drew on a few earlier 

studies, for details see (Joo et al., 2018) for FC and (Guo et 

al., 2020) study for TQ.  

Finally, our study shows that the acceptability of 

GC as a web-based learning management system by 

Bhutanese students is undesirable when FC and TQ are 

considered. However, the full model comprising FC, TQ, 

PEOU, and PU was found suitable for describing the 

acceptability of GC among secondary students in Bhutan. 

Hence the findings of our study may be utilized for future 

policy directions, and has uses to curriculum developers, 

and policy formulators and other stake holders who play 

roles in improving quality of education in Bhutan.  
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Appendix 1 (Survey questionnaire) 

Variable 1

1 

2

2 

3

3 

4

4 

5

5 

PU1.Using the google classroom system will enhance my efficiency.      

PU2. Using the google classroom system will enhance my productivity.      

PU3. Using the google classroom system will enable me to accomplish tasks more 

quickly. 

     

PU4. Using the google classroom system will improve my work.      

PU5. Using the google classroom system will save my time.       

PEOU1. google classroom system is easy to use.      

PEOU2. Interaction with e google classroom system is clear and understandable.       

PEOU4. Google classroom system is convenient and user-friendly.      

PEOU5. Google classroom system is easy to access.       

BI1. I will use google classroom system in the future.      

BI2. I will continue to use google classroom system in the future.      

BI3. I expect that I would use google classroom system in the future.       

FC1 When I need help to use the computer, guidance is available to me       

FC2 When I need help to use the computer, specialized instruction  

is available to help me  

     

FC3 When I need help to use the computer, a specific person is  

available to provide assistance  
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PI1  My classmates think that using the Internet (Google, learning platform) is valuable 

for learning  

     

PI2  My classmates’ opinions are important to me       

PI3  If most of my classmates started to use the Internet to support their learning, this 

would encourage me to do the same  

     

TQ1  My tutor could explain the concepts clearly       

TQ2  My tutor was knowledgeable in ICT       

TQ3  I was satisfied with the answers given by my tutor       

TQ4  My tutor was focused on helping me to learn       

TQ5  The tutorial activities were well-manage       

TQ6  My tutor was accessible when I needed to consult them       

TQ7  My tutor was patient when they interacted with me       
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